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- De las'iniciativas de Transformacion Digital a nivel mundial han
P racasado.
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SQUE ES LA TRANSFORMACION DIGITAL? 1




LA TRANSFORMACION DIGITAL
- NOES UNPROYECTO DE T.1.

IS NOT AN I.T. PROJECT
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Transformacion Digital

néela configuraci - - n orppesonasz(®les|respoasabilithades,edraciurasa  d e
habilidades), procesos (flujos de trabajo, rutinas, procedimientos) y tecnologia (infraestructura,
aplicaciones) para definir propuestas de valor y entregar ofertas posibles gracias a las
capacidades de | as tecnolog?2as digitales. o

Fuente: Massachusetts Institute of Technology (MIT) Ross, Beath and Mock
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Top 10 de fracasos en Transformacion Digital

OCM (personas)

U.S. Air Force 5.000
U.S. Navy 1.870
National Grid 1.300
Nike 900
Revlon No data
Miller Coors 163
Bka«rk:-i« 100
Waste Management 500
Hewlett Packard 160

Washington Community College 13



LO MAS IMPORTANTE
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PERSONASCULTURA




MAYOR BARRERA PARA LOGRAR LA

TRANSFORMACION DJ-G:I'_-:I'

FACTOR OTROS
CULTURAL FACTORES

Fuente: Gartner 2019. https://www.gartner.com/smarterwithgartner/cies
break-through-culture-barriers-to-enable-digital-transformation



GESTION DEL CAMBIO ORGANIZACIONAL
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TEORIA DE LA DIFUSION DE LA INNOVACIO
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GESTION DEL CAMBIO ORGANIZACIONAL
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REINGENIERDEPROCESOBRGANIZACIONALES

Y \ \T‘r\} A
. \

Como van a funcionar los procesos de la Organizacién en el futuro.

De abajo hacia arriba, para entender realmente como esta funcionando
cada proceso de la organizacion.

Encontrar procesos débiles

Aquellos procesos que no estan funcionando adecuadamente o no se
amoldan al estado futuro de la organizacion.

Encontrar procesos fuertes

Fortalezas en procesos que puedan optimizarse con el uso de la nueva
tecnologia para generar mas valor al estado futuro.




Definir Métricas
Para medir el
desempefio actual y
futuro
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Priorizar Mejoras
Enfoque en generacion
de valor y victorias
tempranas

Para alinear personas y
tecnologia a los
procesos
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Iterando a medida que
se avanza.
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TECNOLOGIA
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INTELIGENCIAARTIFICIAL
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. Artificial intelligence (Al)
Any techniques that enable machines to solve a task in a
way like humans do

Artificial intelligence

-------------- Machine learning (ML)
Algorithms that allow computers to learn from examples
without being explicitly programmed

Artificial neural

networks Artificial neural networks (ANN)
Brain-inspired machine learning models

Dee
Iearni':\g Deep learning (DL)
A subset of ML which uses deep artificial neural networks
as models and automatically builds a hierarchy of data
representations

Fuente: https://community.hpe.com/t5/hpeblog-uk-ireland-middle-east/artificial-intelligence-enough-of-the-hype-what-is-it/ba-
p/7046672
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the accuracy of depth and color image fusion [64]. Checkerboard was used as the calibration pattern. The corners of the checkerboard were
detected in both RGB images and IR images, and the intrinsic parameters of the cameras were obtained using a homography-based calibration
' e method [65]. The relative pose was calculated by minimizing the pixel projection errors of the corners detected on RGB/IR images.

We used the pinhole camera model and the Brown’s distortion model [66] to describe the intrinsic parameters of the camera. The normalized
coordinate of a 3D point on the RGB/IR image plane is denoted as x,, = [x, y, 1]7. The Brown distortion is modeled as:

Xy = X(1 + k172 + kar® + kar®) + 2p1xy + pa (72 + 24%), ™)

i

{ Vertical direction

Yu = (1 + kir? + kor* + kar®) + pr (77 + 20%) + 2paxy, @)

{a) Absolute range blases distribution in the XY plane.

L | 5 where 12 = x>+, (x,,yu) Is the corrected coordinate, (ki ko, k3) and (p1,p2) are vectors containing the radial and tangential distortion
|1, Do seser ) ) coefficients, respectively. The pixel coordinate p = [, v]” is calculated as:
160° 60° — Horizontal sensor § I
¥~ Upward sensor \\\ u Xy fr 0 up|fxy
o|=K|w|=]0 fy vol||vul], (3)
i 1 1 00 1]L1

where K is the intrinsic matrix that includes the focal length f = [fx,j},] and principal point p, = [ug,zvg]T. Utilizing the above-mentioned camera
and distortion model, the intrinsic parameters are solved by the homography based calibration method [65] with the checkerboard pattern. To
precisely overlay the color texture onto the depth image, the relative pose parameters between the RGB and IR camera need to be calculated
accurately. The transformation between the RGB and IR image coordinate systems can be written as:
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| "ot RCE camera
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Color images mera

(b) Range biases distribution in the X direction.

Intrinsic parameters
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(d) Range blases distribution in perspective view.,
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RENDERIZADECFICIENTEE LOPDATOS

Fuente:
https://iwww.mdpi.com/2220-
9964/10/10/666
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Fuente:
https://www.mdpi.com/2072-
4292/14/15/3708
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Fuente:
https://www.mdpi.com/2673-
7418/3/1/16




